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Artificial Intelligence goes public
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Al has gained traction in public bodies.
However, we need to know:
— Where do public bodies use Al?

— Where will they focus their efforts in
the next years?

— What major challenges do they face?



Level of adoption by area of use

Health and wellbeing (e.g. elder people monitoring)
Cybersecurity (ensuring human security analysis)

Real-time translation for meetings (e.g. speech-to-speech,...

Personalization of information towards employees
Autonomous vehicles

Performance and control monitoring (internally)
HR management

Automatizing data entry

Request processing and application form handling (e.g...

Assisting decision-making

Intelligent supply chain management

Reducing paperwork burdens by automation
Proactively identifying infrastructure issues
Financial management and fraud detection
Intelligent interaction with citizens (e.g. chatbots)

M Havent adopted
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Intelligent interaction
with citizens most
adopted (28.9%)

Speech-to-speech and
speech-to-text
applications (21.1%)

Request processing
and application
handling (15.7%)



Future intention to adopt Al

Health and wellbeing (e.g. elder people monitoring)

Cybersecurity (ensuring human security analysis)

Real-time translation for meetings (e.g. speech-to-..

Personalization of information towards employees
Autonomous vehicles
Performance and control monitoring (internally)
HR management
Automatizing data entry

Request processing and application form handling...
Assisting decision-making
Intelligent supply chain management
Reducing paperwork burdens by automation
Proactively identifying infrastructure issues
Financial management and fraud detection

Intelligent interaction with citizens (e.g. chatbots)

B NTINU | saoctindretnoiney

(ELRTRH R TIRTRIRTATRTRTRTR TR IR IR RTRTIRTIRITR | TS
TR e e, 3,03
STy 3,27
IIITITTICICICETE I 3,2
FUETUTU TR ERE e 2,52
EHRTRTRHRRHRHRTAT AT HRHRIRG (<R B
AR e e 3,03
(LRTIRITRUIRTIRTTRNRTATIRTIRTIRITRUTRUIRTTRTIRTIRTIRIIE eiecray
FIEITIEE T EnEne e e e nenenenenernmm - 4,54
FIERERETE e nenenemnm - 3,19
e 2,26

AR e 2,92
RN 2,28

P EERERERE e enenemm- 3,35

ALLRTRITREIR IR LR RTRTRITR IR EIR IR RRTIRTRITRUIREIREIRIATIRIRTIRIUN | Bk}

0 1 2 3 4 5

Intelligent interaction
with citizens ranks
highest (5.23)

Request processing
and application form
handling (4.54)

Health and well-being
applications of Al
(4.06)



Challenges in adopting Al

No real need for Al in public administration
No governance scheme to guide the process
Lack of top management support

Inertia (Unwillingness to change work practices)

Organizational implementation challenges (Not
knowing where to start)

Specialization and expertise (finding people with the
necessary know-how)

Financial feasibility (having enough financial capital
to invest)

System/data quality and integration

Al safety (learning negative behavior, manipulation
by humans, minimizing potential risks)
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System/data quality ranks
highest (5.02)

Specialization and expertise
is an important concern
(4.68)

Inertia — Organizational
"Stickiness"(4.60)

Financial feasibility (4.57)



European landscape on Al

JRC SCIENCE FOR POLICY REPORT

Analysis of the Al national strategies with a
focus on the public sector

Inventory of use cases of Al in the public sector

In-depth case studies
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The importance of governance

Corporate
Governance
8 of Big Data:

i#1 Perspectives
225t + on Value, Risk,
VSR and Cost
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Structural practices are responsible for determining
key IT and non-IT decision makers and their
corresponding roles and responsibilities when it comes
to data ownership, value analysis, and cost
management.

Operational practices are revolved around the
processes and ways by which organizations execute
information governance (e.g. data migration, data
retention, cost allocation, data analytic procedures).

Relational practices are concerned with the formalized
links between employees of the technical and
business sides. They encapsulate practices and
means of knowledge sharing, education and training,
and strategic planning



Governance

Procedural Structural Relational
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Strategic level (Top management, long term)
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Tactical level (Mid-level management, mid-to-shortterm)
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Operationallevel (Teams and individuals, day-to-day activities)
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Governance practices for Al in the public sector

Procedural Structural Relational
* Defining dota stewards = Establishing communities of practice
Strategi : E?-ﬁ-ult.:n-ng ethical Al guldelines * Establishing indepandent etfics committeas * Swakeholder education and training
ategic o rE‘DtmlPI': ':'W ::ratu._,:;lsh - 4 * Daveloning an athical code of conduct + Experimeniation and |dea generation
lﬂvel stablishing aceoumtability procatures * Establishing cybersacurity department = Fostonng knowledgs tronsfor
* Minimizing authonzation to access data + Safety barriars to prevent misuse
Tacti 1 * Devaloping explainatxlity frarnesworka * Establishing algorithmic registries
acltica « Monitoning Al usage « Defining projact ownership = Mogotiating and contrmcting with vandors
lwei = Developing Al protecols for standardization * Developing stesring group = Promating sociely-in-the-|loop activities
* Ensurlng security of algorithmic operation « Elimination of slgorithmic censership
= Al litecycle management processas
 Date Management . P‘.’atsisg-u:E:;d interactions batwean
7 Establishing systemfand data integration P ; * Promoting coliaborathse effors betwesn
Operational Developing processes for eliminatien of bias End-usar pamicipation in Al developmant stakaholders
level = Establishing algorithmic tansparency an s aalusticr) . + Educating users 1o develep trust towards Al
« Model reusability * Ensuring human manitoring and
supenision of Al decision-making
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Data governance for e-government
| @ United
— -°2 Nations

lllustrative data governance framework for e-government
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Source: UN DESA (2020). UN E-Government Survey 2020, p. 166.
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Data in use

Next -generation
voyage optimisation

& ol Meat's ded

powered by AI
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Data in use

Decimions has=d on highly
soccurate models

. Imimanse results with
WOHIT Creet DEEim

@ Urmio%tuel savedor
TCE boost
o

o High-quality data you

can trust every second
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Data in use
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Data in use
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Data In use
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The ambiguity of data

LCeci nest pas une fufie.
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Big Data Analytics and
Firm Productivity

- A Literature Review
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Lag effects in realizing productivity gains from BDA
investments

Following the adoption of BDA projects, according to studies it typically takes at least
one year, with an average of two years, before most firms begin to witness tangible
improvements in terms of performance gains. This delay differs from the adoption of
other technologies that these firms commonly embrace. The lag effects are attributed to
the multifaceted requirements of BDA, which necessitate substantial preparatory work,
experimentation, and testing before its applications can be effectively integrated into
operations.

The effects of BDA are contingent upon industry and

application uses

Studies suggest that the malleability of BDA depends on both internal and external
factors. BDA applications can be applied to a wide range of industries, and their ability to
create value depends on both the specific industry in which they are implemented and
the processes they are intended to automate or enhance. For instance, certain industries
that use physical devices to generate and collect data can more closely monitor and
oplimize processes. In addition, firms that operate in the same industry can have vastly
different uses for their BDA investments, resulting in differentiating productivity gains.
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Mezhanismes

Adopling deoumenied processes
throughowd data life cyche

Adopling best practices in
designing data anatytics Interfaces
Business moaded reconfiguration
Phasing oul legacy Sylens

Instutilionakizalion

Barriers

* Competing business modals

Lack of ranspasancy of data
handling and processing
Condlioling views with managers
infuifion

Fear of operational disruption



Discussion and Questions
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